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Researchers in a growing number of fields are
generating extremely large and complicated data sets,
commonly referred to as "big data."

http://www.nsf.gov/news/news_images.jsp?cntn_id=123607 J
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Big data techniques and technologies

*TECHNIQUES FOR ANALYZING BIG DATA

MRS, BIET S

*VISUALIZATION
data
McKinsey Global Institute
June 2011
Copyright @ McKinsey & Company
Tag Cloud Spatial Information Flow S
*BIG DATA TECHNOLOGIES

Big table, Business intelligence, Cassandra, Cloud computing, Hadoop, MapReduce,
Relational database, Stream processing
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Data Scientists are actually T-shaped

(By R.N. Rodriguez)

5 points for job description
v" Innovative problem solvers who learn from data
v' Expertise in statistical modeling and machine learning
v" Solid understanding of problem domain
v' Effective communicators of what they learn
v' Specialized programming skills

Data Businessperson: Determining benefit of data projects to organization
Data Creative: Applying broad range of analytics and technology

Data Developer: Acquiring, storing, cleaning, and managing data

Data Researcher: Understanding complex processes

Data Scientists tend to have deep experience in one category and
some ability in others.
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Who makes the best data scientists?
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Deep Analytical Talent
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Steven Cherry: Hi, this is Steven Cherry for IEEE Spectrum’s
“Techwise Conversations.”

IEEE
SPECTRUM

In a recent podcast, I was surprised to learn there were 93 000
data scientists registered with Kaggle, the site that creates
competitions among them and helps award freelance contracts.

on fENSE N

gineering To C 0 I’m not the only one. The article in The Atlantic that brought

Kaggle to our attention had a parenthetical exclamation: “Who

Pudcasts | At Work | Tech Careers knew there were that many data scientists in the world!”
The next obvious question is, How do I get myself in on the

|S Data Science YOL“' Next Career? lucrative area of data science? As it happens, the trusty New
York Times wrote about that back in April. Its premise was,

Opportunities abound, and universities are meeting universities offer courses in a hot new ﬁelq data science.
them with new programs Data science sure is hot. Is it new? Sort of.
By Steven Cherry [z Share | [=1Emal | (= Print The Times article quoted an adjunct pmfess_or at Columbia
Posted 28 May 2013 | 13:54 GMT University, who described a data scientist as “a hybrid

computer scientist/software engineer/statistician.” And it
says that this fall, “Columbia will offer new master’s and
certificate programs heavy on data. The University of San
Francisco will soon graduate its charter class of students with a
master’s in analytics. Other institutions teaching data science
[JPEG] include New York University, Stanford, Northwestern,
George Mason, Syracuse, UC Irvine, and Indiana

My guest today, also with Columbia University, is Chris
Wiggins, a professor of applied mathematics there. He’ll walk
us through what’s old and new in the academic field of data
science. He joins us by phone.
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@ DataScientist Society
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http://magazine.amstat.org/blog/2013/05
/01/stats—degrees/
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Johns Hopkins University, Washington University, Duke University,

Boston University, Purdue University, Carnegie Mellon University, Rice University,
Texas A&M University, Georgia Institute of Technology, Temple University %
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